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@ s UCKyCCTBEHHbIN UHTENNEKT

Mo onpocam KomnaHuu Tekywee BnusaHue M Ha nponsBoanUTENIbHOCTb NOKa
AOCTaTOYHO CKPOMHO

Figure 10 Impact of Al on productivity over past 3 years
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..., d HAa 3aHATOCTb elle MeHblLle

Figure 8 Impact of Al on employment over past 3 years
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UCKyCCTBEHHbIN UHTENNEKT

..., HO PUPMbI OXXNAarT OONbLLWKMK BbIUIPbILW B Onmxkanwume 3 roga

Figure 11 Expected impact of Al on productivity over next 3 years
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@ s UCKyCCTBEHHbIN UHTENNEKT

PaboTHukn kakux cdompm ucnonb3ayrot UN?

(a) By Occupation (b) By Industry
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@ bank Poccum

KayecTBO MeHeO)XMeHTa XOpoLUO OO BbACHAET KakK MeX- TaK U
BHYTPUCTpPaAHOBbLIE pa3nnina?

- 2 = - : s
Figure 15: Decomposition of Ditferences in Al Adoption vs. the US—Including Firm Encouragement Egore 1. 1 afRegessingAL Dnge an Varios Setuof Begrcsain

. . ! United Kingdom - W e '
United Kingdom - | 48 19}
I 1 |- 8 ]
Netherlands m Netherlands | e
’ l 044
Sweden - - 2.0 -m Sweden 1 0.19
I
Germany m Germany | =" )
France - -13.1 EER 2.5 Erancad | TE a=z !
I
Italy - m ttaly{ | Iz ]
-18 -15 -12 -9 -6 -3 0 3 B, T T ) B !
Difference to Gen Al Adoption Rate of US (Percentage Points) 0 A 2 -31 4 D
; ’ ; Adjusted R
[ Raw differences I Cifferences due to age, education, sex =
B Residual differences [ | Differences due to industry, cccupation, firm size I Cemographics | * Occupation, industry, firm size
B Differences due to employer encouragement [] + Encouragament

Bick et al. (2026). Mind the Gap: Al Adoption In Europe and the U.S. NBER Working Paper 34995

7
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® bank Poccum

NMporHo3bl 6yayuwero BnuaHna UN ovyeHb pasHaTca?

Figure 1. Al's predicted macro-level productivity gains vary substantially across studies
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UCKyCCTBEHHbIN UHTENNEKT

..., K&K 1 OL|leHKN oOLLero pocta 3KOHOMUKMU

Economists Al experts Superforecasters General public
(n =64, weighted) (n=47) (n=35) (n=261)
/ 53% | / /
h 6% < |45%)
el A%
) 37% 3.7% [ — \
2 o | AR T (35%|
© % '
g E 49 | | _
_C | —
03 24%
H it
< 2%- [#D— —
- 3%] ! [ 2.8% |
(26% 8 26% ] (26%~—— [25%)| 126%] (pa4%]| ===
0% & T T T T T T T T T T T T
‘80 90 2000 10 20 ‘30 B0 30 B0 30 B0 30 ‘50
Year

Scenario e Historicaldata = Unconditional # Slow + Moderate + Rapid

Figure 4: Forecasts for five-year annualized change in the Gross Domestic Product (GDP).

Karger et al. (2026). Forecasting the Economic Effects of Al. NBER Working Paper 35046
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JTa pPpa3HUNLa CBA3adaHa He C HeornpeaneneHHoOCTbL B Pa3BUTUN TEXHOJIOTUN, a C
Pa3HbIMU OLl€HKaMUMN BHYTPU CLleHapueB
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Figure 17: Decomposition of the variance in economists’ forecasts of GDP growth, labor force
participation rate, and wealth inequality in 2030 and 2050.

Karger et al. (2026). Forecasting the Economic Effects of Al. NBER Working Paper 35046 10
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NnardopmeHHaa 3KOHOMMUKA

@ bank Poccum

- YBENn4eHme pornm AByCTOPOHHUX PbIHKOB B CBSA3U C
TEXHUYECKNUM MPOrpeccom

- CyuwiectBeHHas ponb ceTeBbIX 3PP EKTOB B POPMUPOBaAHUN
MapKeTnnencos

- TeHgeHUMA K YKPYNMHEHUIO U MOHOMONU3aummn®?



© soncr NMnatdpopmeHHan 3KOHOMMKA

[pUYMHBI, KOTOPbIE MOTYT NPENSTCTBOBATb MOHOMONU3ALUW PbIHKA OAHUM MapKeTNNencoM: YTo roBOpUT Teopus?

1. Locmyn npodasuos u rnokKyramesiel 00HO8PEMEHHO K HECKOMIbKUM MapKemrieucam
2. HuoppepeHyuayus (cneyuanusayusi) mapkemrsieucos
3. B3aumodoriorniHeHUe mapKkemrisieucos

4. KoHKypeHuusi cpedu rnpodaesuoe Ha mapkemrineuce

[maBa 4 B Jullien, B., Pavan, A., & Rysman, M. (2021). «Two-sided markets, pricing, and network effects». In Handbook of industrial
organization vol. 4, no. 1, pp. 485-592.
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NnardopmeHHaa 3KOHOMMUKA

® bank Poccum

KOHKypeHUMa MapKeTNSIENCOB: YTO rOBOPUT Teopua?

B cny4yae KOHKYpUpYHOLMX MapKeTnrencoB, obwecTtBeHHOe 6narococTtosiHue, XoTb U yBeNMMYNTbLCA (M3-3a ceTeBbIX 3c¢hpdpeKToB) No
CpPpaBHEHMUIO C OTCYTCTBUEM MapPKeTNSIeNCOB, HO MOXET OKa3aTbCsl MeHblue (M3-3a pa3MbITUA ceTeBbiX 3 heKkToB) 0O EeCTBEHHOro
GrnarococTosiHMA B Clly4ae MOHOMOSILHOro MapKeTnsienca.

Mapkemrnnelckl agpeccusHO KOHKYpUPYOm 3a rokyrnamersneu u 0arom um ripegepeHuuU. ..

... KomopsbIlU onnadusatom ripodasub! (Komopble Uu3-3a 8HymMpeHHeU KOHKYpeHUUU He criocObHbIU
reperoxums 8bICOKUE KOMUCCUU 8 UEHbI).

B pe3ynbmame ocmaromcs ruwb rnpodasubl ¢ 8bICOKOU omoadyel om HaxoX0eHUs1 Ha Mapkemrineuce.

Makcumuszauyusi obuiecmeeHHo20 briacococmosiHUS 8 makou cumyauuu mpebyem 6oriee HU3KUX mMOopa208bIX
Komuccul ysenuyusarouwux 4ucsio npodasuos.

(Lesson 22.9, ctp. 639, Belleflamme, Peitz (2010) «Industrial organization: markets and strategies»)

Ha ABYCTOPOHHUMX PbIHKaX KOHKYPEHUNA MOXET NMETb HEOOAHO3HAa4YHbIE MOCIe4CTBUA. OHa MoXeT
NMPUHOCUTDb MOJ1b3dy, HO MOXET N yXyALlaTb banaHc MexXay CTOpoHaMu FIJ'IaTCbOprI.
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NnardopmeHHaa 3KOHOMMUKA

@ bank Poccum

[Touemy OBYCTOPOHHME PbIHKN HE CreayeT paccMaTpmuBaTb CO CTaHOAPTHbLIX NO3ULUIA
AHTMMOHOMONBHOIO PErynmMpoBaHnNa?

1. Ha OBYXCTOPOHHEM PbIHKE LieHbI Bbille NpeaernbHbIX n3aepek (NoBbILLEHHbIE TOProBble KOMUCCUN) He
00s13aTENBHO OTPaXKaoT HanNMYne MOHOMOSbHOW BacTH, a LieHbl HUXKe NpeaenbHbiX N3aepXek He
o0s3aTenbHO 03Ha4YalT cybcnanpoBaHue mMnu aemnuHr. faxe nybnnyHbiin MapKkeTnnemnc MoxeT
npuberaTb K HEKOTOPbIM «HecnpaBeaIMMBbIM» C TOYKN 3PEHUS CTaHAapTHOrO aHTUMOHOMONbHOIO
3aKoHoOaTenbCcTBa NpakTUKaMm.

2. ObuwecTBeHHO adhdekTMBHASA LieHOBasA CTPYKTypa He obsi3aHa oTpaxkaTb CTPYKTYPY U3OepiKek.

3. YcuneHne KOHKYpEeHUMN Ha OBYXCTOPOHHEM PbIHKE HE 0Dsi3aTenibHO BedeT K bonee adhdekTnBHOM
LLeHOBOW CTPYKTYype

4. Perynatop OOMMKeH yYUTbIBATb OBYXCTOPOHHIOK CTPYKTYPY, T.K. perynimpoBaHue LeHbl Ha O4HOW CTOPOHE
OoTpakaeTcs Ha LeHe Ha gpyrou.

(cTp. 642, Belleflamme, Peitz (2010) "Industrial organization: markets and strategies")

11151 ABYCTOPOHHUX PbIHKOB HY»KHa crieumnarnbHas aHTMMOHOMOMNbHAasA noruka. Hy>xHo aHanuanpoBsaThb
He OTAEmNbHYIO LIEHY, a BCIO CTPYKTYPY B3aUMOAENCTBUS MeXay npogasLamMu, nokynarensamMmm u
nnaTopMon. 15
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LindppoBble pnHaHCOBbIE UHCTPYMEHTDI

- CTenbnKkounHbl

- [Npo4vne TokeHN3npoBaHHbLIE MHCTPYMEHTbI (B T.4. DAaHKOBCKME
0eno3nTbl)

Frontiers of Digital Finance. Edited by Dirk Niepelt. CEPR. 2025
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The hierarchy of money: a stylised illustration Graph |
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@ soncr «EQuHCTBEHHOCTb» AeHer

In fact, many of the problems that we currently see with the current redemption
process for stablecoins (redemption frictions, costs and deviations from par value
are similar to what we observed historically with cheque processing before the
creation of cheque clearing houses. The post-Civil War period in the United States
saw cheques being redeemed at below par value and, in some cases, cheques
would be rerouted through several institutions, resulting in significant time delay
(Harding 1925). These problems were pervasive, leading Congress to pass the
Federal Reserve Act of 1913, which empowered the new central bank to establish
a par clearing system. Over time, regional Federal Reserve banks redeemed
cheques from their member banks, and eventually most non-member banks, at
face value. As a result of the transition to centralised cheque clearing, issuer
attributes became less important.

Garatt (2025)



© sarcpoconm LindppoBblie dpnHaHCLI KaKk MHCTPYMEHTa ANA pacyeToB

Trade finance on a programmable platform
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) sank Pocam LndpoBble hHaAHCBbI KaK MHCTPYMEHTAa ANA pac4yeToB

[TocnencTBug:

- POCT adp(peKkTUBHOCTU NOCTABLUMKOB NNATEXHbLIX YCNYr U CHUXKEeHUe
PUCKOB AN HUX

- PocT KOHKYPEHL N Ha PbIHKE MiaTeXXHbIX YCIYr n 4erno3nTosB

- CHUXeHune N3aeprKek rmnartesibLLinKoB

- BbI3oBbI NS perynmupoBaHus
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© s Pocam CMapT-KOHTPAKTbl U AeHEXHbIN PbIHOK

- PocTt adppekTnBHOCTU ynpaBrneHnem 3anoroBbiM obecneyeHnem (B T.u.
HedMHaAHCOBbLIMU aKTMBaMMW)

- PocT apeKTUBHOCTU CKPUHMHIA U NMPaBoONnpPUMeEHEHUSA

Digital technologies promise to relax long-standing frictions that restrict access to credit. The fintech toolbox —
machine learning, large-scale behavioural data, and programmable ledgers — aims to improve both screening
and enforcement. In principle, moving payments, information collection, and contracting onto a shared digital
ledger can automate settlement and transform future revenue into ‘digital collateral’, expanding
uncollateralised credit for borrowers without traditional assets or credit histories.

DeFi lending platforms demonstrate that fully automated collateral management can scale to billions
without a single credit officer — though prudence ultimately rests on users’ incentives. Real estate
tokenisation reveals how these primitives can migrate to real assets, bringing both efficiency and the risk of

leverage.



@ Ban Poceun CMapT-KOHTPaKTbl U MAaKPO3IKOHOMMKA

[locnencTBug:

-  AMnnudurkaumns KpeauTHbIX LMKIOB, HOBble 3aga4m Ansg 6aHKOBCKOro
Haa3opa

- PocT (BepoATHO HEOQHOPOAHLIV B OTpacrieBOM paspese) pmHaHCcoBOU
MHKNIO3NBHOCTU

- [loTeHumanbHble NOocneacTBUA CXOQHble ¢ gonnapusaumnen npu
MCMNOSb30BaHNN MHCTPYMEHTA NPUBA3AHHOIO K MHOCTPAHHOW BantoTe



