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MHeHuA B AaHHOW Npe3eHTauunun He
OTpPaXkaloT TOUKY 3peHNs opraHnsauunm,
B KOTOPbIX paboTaeT aBTOp



Te3uncel Npo Henauuro n ML

Mogaenn ML no3sonanu ynyywatb NpeackasaHus MHGAALMY

. VIHorga nyyiue BbIrnagaT obblUHblIe «CNyYalHbIe Neca,
nHoraa - mogenu tmna LASSO c orpaHnyeHramMm Ha
KO3 PULMNEHTH

II.  TTouTn A4na BCex KPYMHbIX SKOHOMUK HENNHEVHbIe MOAeN
Y/IyULLAOT pe3ybTaThl

lll. Mpobnema: jaHHble 0ObIYHO 3aKaHYMBAKOTCA B Hayase 2022
[lpegBapuTenbHble pe3ynbTaThl ANA PoCcCcnn Takxke
NONOXUTE/IbHbIE

. [TpOrHO3bl MaWVHHOTO OBYYeHNS N HEMPOHHbLIX CeTen siy4lle,
4YeM pPa3HoOro BMAA aBTOperpeccum

Il.  AHanUTMKM TakxXe yctynatoT ML
1. MUHyCbI: pe3ynbTaThl BCE PaBHO He njeabHbl



1. Pe3ynibTaTbl N0 HECKO/IbKMM CTPaHaM



CLUA (2023)

= 2023 - Deep learning models for inflation forecasting
= MecgauHble gaHHble 1978-2019, 134 makpocepun

= Variational Autoencoders and Convolutional LSTM Networks
(VAE-ConvLSTM) cpaBHUBAKOT C 24 ApyrMimn MOAEeNAMMN,
BkAroyas LASSO, Random forest, VECM, Random walk n T.4.

= Pe3ynbTaTthl 3TON «FAYy6OKOW MOAeNnn» fy4ylue

Mopaenb MSE 1 2 3 6 12

ConvLTSM | MegunaHna 0.17 0.42 0.45 0.46 0.46

SARIMA MegounaHa 0.77 1.02 1.13 1.24 1.22
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https://onlinelibrary.wiley.com/doi/abs/10.1002/asmb.2757

EBpo3oHa (2023)

2023 - Forecasting euro area inflation with machine learning models
Quantile Regression Forest, gaHHble 3a 2002-2022
CpaBHeHue ¢ Eurosystem inflation forecasts (BMPE)

XOTS He MPeBOCXOAUT, HO XOPOLLO AOMONMHAET

Figure 6: Headline Inflation, density forecasts of QRF and BMPE, h=6
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Note: Black solid line: year-on-year growth rate of HICP (headline inflation); Red area: 16th to 84th quantiles of
the QRF density forecasts for the horizon of six months ahead, year on year growth rate of HICP; Green line with
circles: BMPE projections for the horizon of six months ahead, year on year growth rate of HICP.


https://www.suerf.org/wp-content/uploads/2023/12/f_7cb971894396c3b3d88722981c27697d_78065_suerf.pdf

bpa3sunusa (2023)

= 2023 - Machine learning methods for inflation forecasting in Brazil: New

contenders versus classical models

= 167 MaKpOPUMHaHCOBBIX NepemMeHHbIX, 2004-2021 (aBrycT), MecauHble
NaHHble, 50 mogenen

=  CokpalleHuve ownbok no cpasHeHUto ¢ ARMA B ABa pasa

= Cumulative squared prediction error - yem HuXxe, TeM yyLle
aNbTepHaATMBHAA MOAeNb

= BuaHo, YTO BO BpeMeEHU CNTYaLUNA yNnydllaeTCA
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https://www.sciencedirect.com/science/article/pii/S2666143823000042
https://www.sciencedirect.com/science/article/pii/S2666143823000042

Nuana (2024)

= 2024 - Inflation Forecasting in India: Are Machine Learning Techniques
Useful?

=  [aHHble 1996Q2-2022Q1; cpaBHMBaOT ocobeHHO ¢ ARIMA n SARIMA,
MOTOMY UTO 3TO Hanbonee apPekTVBHbIE MOLENN

=  Pe3ynbTaT: ONATb HEMPOHKM NyuLLle, HO KaYeCcTBO He ngeanbHoe

RMSE of Rolling Sample Forecasts of Inflation (y-0-y) vis-a-vis Actual Inflation

One-quarter ahead Four-quarters ahead
(2019Q1-2021Q4) (2019Q4-20220Q1)
Model Type Model

Full Pre- Post- Full Pre- Post-
period | COVID | COVID | period | COVID | COVID

Random Walk 0.92 1.07 | 076 | 2.33 3.04 1.44

2| Traditional ARIMA 0.80 | 0.71 0.87 1.25 1.43 0.91
§= SARIMA 0.79 | 0.74 | 0.84 1.57 1.89 | 091
é LR 0.66 | 0.61 0.70 | 0.93 0.87 1.00
- ML ANN 0.58 0.61 0.55 0.93 0.97 | 0.87
RNN-LSTM 0.76 | 0.72 | 0.80 1.77 1.90 1.55



https://papers.ssrn.com/sol3/papers.cfm?abstract_id=4719002
https://papers.ssrn.com/sol3/papers.cfm?abstract_id=4719002

Kutan (2024)

2024 - China's inflation forecasting in a data-rich environment: based on
machine learning algorithms

1997-2021, 96 makponepemMeHHbIX

OcobeHHO Ha ropu3oHT 12 MecdaueB BbinrpbiBaeT ML
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Figure 4. Scatter plots - forecasts and realizations of CPI inflation: h=12. These scatter plots show the forecasts (on the x axis) and 9

realizations (on the y axis) for h = 12.


https://www.tandfonline.com/doi/abs/10.1080/00036846.2024.2322572
https://www.tandfonline.com/doi/abs/10.1080/00036846.2024.2322572

2. PesynbTaTbl N0 Poccum



Poccusa

= B ML-mogenax narv v Kypc BaXHbl AN NpeAcKa3aHna MHQNALMN Ha

KOPOTKUE ropusoHThl ([1aBnos (AeHbru v kpeanTt,2020), Epmak

(BKP,2023))

= [laBno.: 2002-2018, 10 makponepeMeHHbIX

= Pe3ynbTaT: HelMpOHHAas ceTka BbIMAANT 4OCTAaTOYHO YCNELWHOM Ha

ropn3oHTax 2-24 Mmecaua, aBToperpeccra xyxe

Table 1. Forecasting errors

Model
1
AR (1) 0.2998
NN 0.3460
SVM 0.3100
Ridge 0.3180

Note: the best models for each horizon are highlighted in green, and the worst models - in yellow.

0.4500
0.3880
0.3910
0.3910

Forecast month

RMSE

6

0.4278
0.3980
0.3980
0.4180

12

0.4286
0.3990
0.3940
0.4310

24

0.4369
0.4010
0.4070
0.4230


https://rjmf.econs.online/2020/1/forecasting-inflation-in-russia-using-neural-networks/
https://disk.yandex.ru/i/N9lU6B7I_ge-bw

Poccusa (moé ynpa)kHeHue)

OueHb npocTblie Mmogenu Random forest, Gradient boosting v
INHEeNHas perpeccua ¢ 6 MmakponepeMeHHbIMU (Kypc, 3apnaaThbl 1 T.1.)

Trr1p = a+bymi+by FXi+bsPension;_3+by Wage;_3+bsM2,;_>+bg Cash;_o+<;

OHW He NONHOCTbLIO /IOBAT BHYTpUrogoesyro glHaMmnKky, HO yaneBuTe/1IbHO
Xxopownm  rno ntToram roda

B Tabnuue: rogosas HGNALNS; U abCONMOTHBLIE OLLNOKU NpeAcka3saHuns
no gaHHbIM 12-15 MecaueB 13 MPOLUIOro No TPéM MoLesNsM — Jaxe

2020-e oTAMYHO NpeAcKasaHbl

2005 2006 2007 2008 2009 2010 2011 2012 2013 2014
RF 0,50% 3,32% 1,17% 0,45% 0,75% 1,00% 1,62% 0,07% 0,07% 3,46%
GB 0,41% 3,29% 1,03% 0,06% 0,66% 0,90% 1,21% 0,08% 0,08% 3,31%
LR 0,37% 1,80% 2,49% 1,45% 1,22% 3,55% 2,48% | 0,46% 0,44% | 4,43%
Inflation | 10,92% | 9,00% | 11,87% | 13,28% | 8,80% 8,78% 6,10% 6,57% 6,47% | 11,35%
2015 2016 2017 2018 2019 2020 2021 2022 2023
RF 1,01% 1,71% 0,12% 0,61% 1,90% 0,83% 0,56% 0,33% 0,48%
GB 1,92% 1,24% 1,05% 0,73% 2,01% 1,16% 1,05% 1,45% 0,25%
LR 3,81% 2,24% 0,21% 0,88% 3,88% 0,08% 1,07% 5,67% 1,56% | ..
Inflation | 12,91% | 5,39% 251% | 4,26% 3,04% | 4,91% 8,39% | 11,94% | 7,42% -




BbiBOAbI

KaxxeTcs, MalWMHHOe 0by4yeHVe 40CTaTOYHO XOPOoLUO paboTaeT B
NPOrHO3UPOBAHUN NHPAALMN BO MHOTUX KPYTMHbBIX 9KOHOMMUKAX

Shapley decomposition no3BosiseT BbIABUTL Hanbonee nosesHole B ML
nepeMeHHble

KauecTBO MoZen Mo OTHOLUEHWHO K INHEWNHbIM A0BOJIbHO CTabunabHO,
Aa>XXe B BOJIaTU/IbHblE Mepnobl

Hago 6onblie pesynstatos rno 2021-23

B Poccnm KauecTtBO «rogoBon» MOAENN JOCTAaTOYHO BbICOKOE
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